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START WITH THE DATA

Patient Connection

Advancement Attachment ~
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DATA PREP IS KEY

PURPOSE-BUILT HEALTHCARE FUNDRAISING APP
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WHAT HIPAA ALLOWS

Good news is that back in January of 2013 the HIPAA privacy rule was
changed so that patient encounters (visits) data can be used for fundraising

Here’s what the new rule actually says:

o 8164.514(f)(1) A covered entity may use, or disclose to a business associate or to an institutionally related foundation,
the following PHI for the purpose of raising funds for its own benefit, without authorization:

— Demographic information relating to an individual, including name, address, other contact information, age, gender, and date of
birth;

— Dates of health care provided to an individual;

— Department of service information;

— Treating physician(s);

— Outcome information;

— Health insurance status

This allows healthcare fundraisers to create the factors to feed a patient
connection model. And then to also slice and dice the data in an ad hoc
manner




ADVANCEMENT ATTACHMENT (example)

A Predictive Model That Refreshes Daily

Advancement Attachment Groups

1. Owmner 16,965

2. Highly Engaged 19,955

- # Years Given Last 1-2 (+/Square)
- # Years Given Last 3-4 (+) s Discorneces 5T

# Committees Participated L5Y (+) £ brospects
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# Newsletter Clickthroughs Last 6
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PATIENT CONNECTION (example)

A Predictive Model That Refreshes Daily

Intensity
o # Visits Overall (+ up to 49)
o # Distinct Areas Visited (+; last 3 mo., 12-24 mo.)

Duration
o Time Between 1st & Last Visit (+)
o Last Visit was in last 6 mo. (+)

Facility
o Most Recent Facility Visited (+/-)

Area
o Most Recent Area Visited (+/-); e.g.:
— Urology (+)
— Dermatology (+)
— ENT Surgery (+)
o First Area Visited (+/-)
o Most Recent CPT Group (+/-)

Distance
o Distance from Hospital (+/loQ)

Demographics
o Age (+ from 40 to 90)
o # Other Patients Related To (+/Cube Root)

1. Most Likely
2. Moderate Potential
3. Limited Potential
4. Not Very Likely

5. Very Unlikely

Patient Connection Groups
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CAPACITY

Several ways to get it.
Think pragmatically.

- Level 1; Zip Code as a proxy (income, property value)

Level 2: calculated wealth Score as a proxy

Level 3: Full wealth Screen

Level 4: wealth screen + Psychographic, Communication
Preference, Other Giving, Demographics

Other prOXieS: Job Level, Country Club, etc.




PROSPECT SEGMENTS
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PROSPECT STRATEGY
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FIND INTEREST AREAS

- Internal Data Sources

Patient Experience

Field of Work

Types of Events attended

Newsletter Articles clicked on

Survey Data

Etc.

=» Automated Smart Parsing™ can flag, bin, and rank this
information out of the “raw” data

O O O O O O

- Newsletters

o “Probe” for interest areas through the articles you run
o “See” connection to your cause by how often they click

- External Appends (see next page)




AUGMENT WITH DATA APPENDS

Prospect List | Segments | | Capacity Ratings | Advancement Attachment | Patient Connection| | Staffing | Prospect Bio| Appends |Map | | Patient Visits | Details | Most Recent | | Event Participation | Giving Summary | Giving History
Appends

Demographic Psychographic & Giving Behavior Communication Preferences Match for Append?
This page is only Segments A1-A3 & B1-B3 (user set)
No
Occupation Education Giving Affinity Political View Mail? Phone?
. . ) Democrat | 2|
Professional/Technical - Graduate 2 Charitable 247, Republican -241-!? Extremely Likely Extremely Likely I158
Retired  gachelors I Health Independent 168
|109 3. High School Wios I97 No Party il Likley |1 15 Likley I173 Yes
Admin/Managerial I?g o 500 Religious I96 o 200
Mot Likely |5[} Mot Likely
Homemaker I53 Political Igg
o 500 500
Medical/Professional 652 Children 56 # Prospects
_ I # Children in Houshld _ o I Life Stage o P
Sales/Service I4[} 0 — Enwvironment/Wildlife I4}r Affluent Households 12251 Statistic Name
. . 1 Community Minded il L. i A Selected 980
Clerical/White Collar I38 L JE Veterans I26 Top Wealth w193 Digital? Social Media?
2 110 Solid Prestige mg :
Financial Professional Ig'] 3 I58. International Aid |23 Comfortable Households 52 Extremely Likely l1 65 Adminfﬁﬂcatlr‘;f:gg?iearl— 1 =70
Leisure Seekers g Influencer Tem71
Self Employed Iz? 47 Wes Policital I']g Living Well 140 Likley .2[}}r Light User mamll Segment Filters
5 W22 Large Households Moderate User pml7( e
Working Households 127 : Mon-User 207 a ospi 151
Craftsman/Blue Collar |18 6+ [17 Other 9 Thrifty & Active | Not Likely SEl Passionate Influencer m (] a1 Day
] 200 0 500 ] 200 o 200 0 500 1] 200 [] b.2-7 Days
[] c8-31 Days
[] d.32-90 Days
[] e.91-365 Days
. [] 366+ Days
Segments A1-A3 and B1-B3 with Appended Data )
ConnectlD Mame A Gender Age Education # Children Home  Occupation Political view  Life Stage Giving Affinity Digital? Mail? Phone? Social Media? ] 0-Unrated ()]
79,903 Abercrombie, Darrin Male 50.. - - - - - - - - - - ] 10-99 ()
572 Abernathy, Mack Male 50.. 3.HighSc... 1 Medical/Professi... Republican Community Minded Health Likley Extremely L... Not Likely Moderate User [ ] 100-499k (B)
94,171 Abou-Sayf, Henry Male  60.. 3.HighSc.. 1 Clerical/White C... Republican Solid Prestige Health Likley Extremely L.. Not Likely Maoderate User ] 500K+ (A)
78,579 Acabchuk Mariana Male 40.. 3. High Sc... 2 Admin/Managerial Independ... Community Minded Religious Likley Extremely L... Mot Likely Admin/Manager. Engagement
80,136 Acabchuk, Reynaldo Male 50.. Z2.Bachelors 0 Professional/Tec... Democrat Affluent Households Charitable Not Likely Extremely L... Extremely L.. Non-User |:| 1. High Advmnt & Patient
72,688 Adrianzen, Jeffery Male 80+ 1.Graduate 3 Homemaker Independ... Leisure Seekers Children Extremely L... Likley Not Likely Passionate Influ... ]2 High Advancement Only
45,006 Agrawal, Trey Male  60.. - - - - - - - - - - [] 3. High Patient Only
66,904 Ahern, Edris Female 50.. - - - - - - - - - - [ ] 4 Low Advmt & Patient
93,462 Ahmed, Jordan Male 50.. 3.HighSc... 1 Retired Republican Top Wealth Political Not Likely Extremely L... Likley Light User
FiR ROR Ahrance Cloawna hala [0 1 Gradnata o Calac/Caniira Ml Darhe Liviinn VAlall Intarnatinnal Aid Cvtramalh: | Mt Lilahy Mat lLilahy Daccinnata Infln




Use Case Discussions

1. What triggered your initial interest in leveraging your
data like this?

2. What are a couple of the core problems that you were
trying to solve?

3. What tools have you tried? What other tools do you
additionally use today? Why?

4. What have been some of the successes?

5. What’s missing? What else would you like to able to
do?

6. Final thoughts?

Eugenie Paul
Mount Sinai Pitt Medical

www.ContinueTheDialog.com




University of Pittsburgh

= Ranked No. 18 among nation's top public colleges and universities in
2020 U.S. News and World Report Best Colleges rankings

= 33,744 Students
= 331,873 Living Alumni

= Ranked No. 5 among U.S. universities in competitive grants awarded
to members of its faculty by the National Institutes of Health




lcahn School of Medicine at Mount Sinai

= Ranked No. 20 in Best Medical Schools for Research in 2020 U.S.
News and World Report Best Colleges rankings

= 1,233 Students = 2,000+ Residents/Fellows = 582 Postdocs
= 37,026 Living Alumni

= Ranked No. 12 among U.S. medical schools for National Institutes of
Health funding




University of Pittsburgh Medical Center (UPMC)

= S21 billion health care provider & insurer based in Pittsburgh, PA
= Largest non-governmental employer in PA (90,000+ employees)

= Operates 40 academic, community and specialty hospitals, 700
doctors’ offices and outpatient sites, employs 4,900 physicians

= UPMC-Pitt collaboration: supports interrelated teaching, research,
clinical care and community service missions

I




Mount Sinai Health System

= Began as a single hospital in 1852, now with eight hospital campuses
in New York metropolitan area

= 7,200+ physicians ® 410+ ambulatory practice locations = 39 research
and clinical institutes = 42,000+ employees

= 152,520 inpatients ® 3.5M outpatients ® 536,443 ER = 13,864 babies

=" Mount Sinai Hospital — ranked no. 14 for Best Hospital and no. 1 in
Geriatrics in latest U.S. News & World Report




University of Pittsburgh
Division of Philanthropic and Alumni Engagement (PAE)

= Part of PAE is the Medical and Health Sciences Foundation (MHSF)

=" Founded in 2003, MHSF raises funds for the University of Pittsburgh's
six health science schools and UPMC hospitals




Mount Sinai Health System
Office of Development

= One centralized department for all official fundraising activities and
gift acceptance

= Raise funds for all seven hospitals in New York City and the Icahn
School of Medicine at Mount Sinai




Pitt-UPMC

Medical and Health
Sciences Foundation

Advance (Moving to Salesforce)

Current and historic Pitt Data
Advance data Warehouse

HIPAA-compliant custom-built
SQL database application and
data warehouse for grateful
patient acquisition

Data Visualization &
Discovery




Mount Sinai Health

System
Office of Development

Crystal

Reports Personalized Reports
Server

Tableau Interactive Dashboards

Online CMS for fundraising
and email marketing

CRM

Raiser’s Luminate
Edge Online

Grateful Patient Data
Patient

Portal
Engagement
(GraPE) (PDP)

* Patients’ wealth screening

* Grateful patient outreach
history

* |[n-memory Data Warehouse for patient & donor look-up
* Predictive Models

* Annual Giving Renewals and Segmentations



CRM

Smaller Provider
Office of Development

Patient System

Patient

System
(.csv Extracts)

Reports Personalized Reports

* In-memory Data Warehouse for patient & donor look-up
* Predictive Models

* Annual Giving Renewals and Segmentations



Pitt-UPMC

Medical and Health Daily
. . Admissions
Sciences Foundation

Six channels for clinical
prospect identification

Upcoming
Appts

Ad-hoc
Prospect
Research

Ad-hoc
Data
Requests

Major
Prospects Leads
Leads Algorithms
Review




Mount Sinai Health

System
Office of Development

Eight channels for clinical

prospect identification

Ad-hoc
Prospect
Research

Daily Patient
Admissions Referral

Quarterly
IP & OP Trustee
Patient Referral
Screening

Recent
Donors

Discovery
Email
Program

Cultivation
Events/
Educational
Webinars




Impact

Full-Throttle
Operational Capacity

Systems, Analytics, Prospect
Research & Management

Custom-
Built Car

Complete
Patient
Story

Algorithm-
Researcher
Synergy

Velocity of
Analyses

Tailored
Insights




Q&A AND FOLLOW UP

Doug Cogswell Eugenie Packer Paul Silver

doug.cogswell@pursuant.com eugenie.packer@mountsinai.org spaul@pmhsf.org

www.ContinueTheDialog.com




600+ leading organizations have raised
$1B+ engaging their supporters with Pursuant.
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UNLOCK SUPPORTER

GIVIN G DNA

The way to engage supporters has fundamentally changed.

a

PURSUANT.



thank you!

www.ContinueTheDialog.com
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