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Agenda

. Architecture Update.

. Analysis Filters.

. Segment Maps (big update in 7.5).
. Data Appends.

. Leaky Bucket.

. Constants & Variables (7.5).

. Unique Counts in Summary Sheet (7.5).
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2. Analysis Filters




Text Filter > Removal Filter

ORestore O Remove All
# Individual

O Organization

Show Deceased?
ORestore O Remove All

® False

OTrue

Show Inactive?

ORestore O Remove All
¥ False
OTrue

New in 7.4

Brand new Analysis Filter

Individual or Organization?

Entity Count

Analysis Filter

An Analysis Filter allows users to select, exclude, and restore data through the use

of traditional "check box" and range controls. Analysis Filters operate in much the
same manner as our other interactive charts. And since Analysis Filters interact -
with each other and our other charts to show excluded as well as included
populations, they provide users with context for "where am I” in the overall

dataset.

80
<]

@— | Removal Filter
@-+4 | A Removal Filter “removes” rows from the analysis until the user chooses to
include them again. "Removed” rows cannot be restored by any other controls in

Statistic ID

Total Count 90,920

Selected 90,930

Unselected

Excluded

Removed 2,813 8=
<4

the project. Removed row states can be saved with the project so that the project
will reload and open with those rows removed. A great use case would be to

generally exclude "deceased” people from a prospect identification project, but
allow them to be added back for trending analysis.

Why:

Simple “one click” select and exclude
Intersect across dimensions

Look and feel similar to common web apps
Provide “where am | context”

- Show exclusions from other charts

Constituent Filter
Current FY Donor?

1 No

(] Yes
Segment

] 1- Lybunt

] 2 Sybunt

[] 3- Non-Donor

Subsegment

O

Ln
F
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=
[=]
=]
=
n
1]
(a]

b- 4 yr consec
€- 3 yr consec
d- 2 yr consec
e- Reacquired
g- 1yrlapse
h- 2 yr lapse
i- 3 yrlapse
j- 4 yrlapse
k- 5+ yr lapse
|- Non-donor

ason Donor

[iv]

1- Summer
2- Oct-Dec
3- Winter

4- Apr-Jun
5- Variable

pgrade/Downgrade

m
(]
S
(o
=
=
[4x]

Alumnus/a
Faculty/Staff
Friend

OOO00O0O0» UO0O0Oe OO0y OOOO0O0000no0

Spouse/Partner




Summary | Leaky Bucket | Participation

Constituent Filter
Current FY Donor?

[] No

L] ves

Segment

L] Lybunt

L] 2- Sybunt

[ ] 3- Non-Donor
Subsegment

a- 5+ yr consec
b- 4 yr consec
- 3 yr consec
d- 2 yr consec
e- Reacquired
g- 1yrlapse
h- 2 yr lapse

i- 3 yrlapse

J- 4 yrlapse
[] k-5+ yr lapse
|- Non-donor

0 O O

ason Donor

(1]

1- Summer
2- Oct-Dec
3- Winter

4- Apr-Jun
5- Variable

pgrade/Downgrade

1- Upgrd
2- Stable
3- Dwngrd

cord Type

[1°]

Alumnus/a
Faculty/Staff
Friend

Other

Parent
Spouse/Partner

OO0O0OOOz LOO0Oe OOO0O0Os

Giving History | Giving Funds | Gift Details | Constituent Giving

Example

¢ Current Year vs Previous

$12M

$10M

$8M

$6M

Previous FY
Current FY

$4M

$2M

Segment

1- Lybunt 24,746

2- Sybunt 10,894

3- Non-Donor 55,290

0 50K

# Constituents

Subsegment
a- 5+ yrconsec 7,292
b- 4 yr consec |1 600
c- 3 yr consec ||2,205
d- 2 yr consec I4-035
e- Reacquired [Jo.614
g-1yrlapse 8111
h- 2 yr lapse |2|151
i- 3 yrlapse |313
j-4yrlapse |209
k- 5+ yr lapse |1 10
|- Non-donor 55,290
0 50K

# Constituents

Appeal | Touchpoints

Constituent List

Map | Constituent Codes | Degrees | Bio

Cummulative $ Current Year vs Previous

$80M

$60M

Previous FY
Current FY

Season (Last 3 Yrs)

1- Summer I1 942

2- Oct-Dec I1|012
3- Winter I;rg;r
4- Apr-Jun I1|240

5- Variable 121953

0 20K

# Constituents

Current FY Donor?
g |
Yes . 20,210

0

# Constituents

70,720

100K

Upgrd - Dwngrd (Last Yr)

0 10K

# Constituents

Filters

# Constituents

Statistic ID
Selected 90,930

AF Giving Stats (Current FY)

Statistic Value
Gift § $45,591,199
# Gifts 942471
Avg Gift $ $1,073
# Donors 20,210
Top Donors CFY

Name SAFCFYY

OVERALL 445,591,199
Kumar, Damaris $4,173,858
Snyder, Camelia 43,052,381
Kerin, Crystal $1,000,000
Trumbull, Winfr... $632,217
McMNamara, Dai... $598,099
Viorel, Adolph $£596,000
Krieger, Jack $580,425
Konkel, Helene $540,866
Colclough, Angel $533,615
Hynes, Edgar $£500,000
Mundt, Georgina $500,000
Vandermast, Wi... $500,000
Shetty, Bobby $499,759
Heim, Buck $465,605

Camacho. Huna $336.374



3. Segment Maps (7.5 updates)




(4=>75

wawebebuy

Prospect Segments
1. High Advmnt & Patient _ n
2. High Advancement Only — ]

3. High Patient Only _ .

4. Low Advmt & Patient _

| | |
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)
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O
&
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(v) +31008 ~ .

Engagement

High Advmnt & Patient (1)

High Advmnt Only (2)

High Patient Only (3)

Low Advmnt & Patient (4)

0-Unrated (D)

Prospect Segments

10-99k (C) 100-499k (B)

Capacity

500K+ (A)




Segment Prospects

Prospect List| Segments ‘ |Capacity Ratings | Advancement Attachmentl Patient Connection‘ ‘ Staffing | Prospect Biol Appendsl Map ‘ ‘ Patient Visitsl Details | Most Recent| ‘ Event Participation | Giving Summary | Giving History

Engagement

High Advmnt & Patient (1)

High Advmnt Only (2)

High Patient Only (3)

Low Advmnt & Patient (4)

0-Unrated (D)

Prospect Segments

10-99k (C)

Capacity

100-499k (B)

500K+ (A)

# Prospects
Statistic ConnectlD
Selected 6,917

Segment Filters

Last Hospital Visit

L[] an Day

] b.2-7 Days

[] c.8-31Days

[] d.32-90 Days

[] e.91-365 Days

[ £ 366+ Days

Capacity

[ 1 0-Unrated (D)

[ 10-99k (C)

[ 100-499 (B)

(] 500K+ (A

Engagement

[1 1. High Advmnt & Patient
] 2 High Advancement Only

[] 3. High Patient Only
[] 4. Low Advmt & Patient

Prospect List

Name A
Abbott, Domitila

Abdallah, Enola

Abe, Donetta

Abe, Mackenzie

Abele, Madalene

Abele, Morgan

Abercrombie, Darrin

Abmcrrmcnbhin Fencaie

ConnectlD
51776
38681

a7
11302
25965
60208
79903

AMCAn



Develop Strategies

Cl. D1 C2 ity Ratings | Advancement Attachmentl Patient Connection ‘ ‘ Staffing | Prospect Biol Appendsl Map ‘ ‘ Patient Visitsl Details | Most Recent| Al B1. A2 summary | Giving History

D2 = Annual Prospect Segments B2 = Major
Giving Focus Giving Focus

High Advmnt & Patient (1)
High Advmnt Only (2)

# Prospects

ConnectlD
6,917

Segment Filters

Last Hospital Visit

L[] an Day

] b.2-7 Days

[] c.8-31Days

[] d.32-90 Days

[] e.91-365 Days

[ £ 366+ Days

Capacity

[ 1 0-Unrated (D)

[ 10-99k (C)

[ 100-499 (B)

(] 500K+ (A

Engagement

[1 1. High Advmnt & Patient
]2 High Advancement Only

[] 3. High Patient Only
T Advmt & Patient

Engagement

High Patient Only (3)

Segments
A3-D3 =

Screen & Prospect List
Low Advmnt & Patient (4) A ConnectlD
tt, Domitila 51776
Abdallah, Enola 38681
Abe, Donetta 87N
General |y Abe, Mackenzie 11302

0-Unrated (D 10-99k (C 100-499k (B 500K+ (A

Hold Back (D) (9] (B) (A) Abele, Madalene 25965
Abele, Morgan 60208
on Row 4 Abercrombie, Darrin 79903

Capacity Abmcrrmcnbhin Fencaie AMC AN



4. Data Appends




Data Appends

Several ways to augment data.
Think pragmatically.

Level 1: Zip Code as a proxy (income, property value)

Level 2: calculated wealth Score as a proxy

Level 3: Full wealth Screen

Level 4: wealth screen + Psychographic, Communication
Preference, Other Giving, Demographics

Other prOXieS: Job Level, Country Club, etc.




Level 4 Data Appends

Prospect List | Segments | | Capacity Ratings | Advancement Attachment | Patient Connection| | Staffing | Prospect Bio| Appends |Map | | Patient Visits | Details | Most Recent | | Event Participation | Giving Summary | Giving History
Appends

Demographic Psychographic & Giving Behavior Communication Preferences Match for Append?
This page is only Segments A1-A3 & B1-B3 (user set)
No
Occupation Education Giving Affinity Political View Mail? Phone?
. . ) Democrat | 2|
Professional/Technical 1. Graduate 2@ Charitable 247, Republican -241-!? Extremely Likely Extremely Likely I158
Retired  gachelors I Health Independent 168
|109 3. High school Wios I97 No Party il Likley |1 15 Likley I173 Yes
Admin/Managerial I?g 1] 500 Religious I96 o 200
Mot Likely |5[} Mot Likely
Homemaker I53 Political Igg
o 500 0 500
Medical/Professional 652 Children 56 # Prospects
_ I # Children in Houshld _ o I Life Stage o P
Sales/Service I4[} 0 — Enwvironment/Wildlife I4}r Affluent Households 12251 Statistic Name
. . 1 Community Minded il L. i A Selected 980
Clerical/White Collar I38 L JE Veterans I26 Top Wealth w193 Digital? Social Media?
2 110 Solid Prestige mg :
Financial Professional Ig'] 3 I58. International Aid |23 Comfortable Households 52 Extremely Likely l1 65 Adminfﬁﬂcatlr‘;f:gg?iearl— 1 =70
Leisure Seekers g Influencer Tem71
Self Employed Iz}f 4 1les Policital |13 Living Well 140 Likley .2[}? Light User mll Segment Filters
5 W22 Large Households Moderate User pml7( e
Working Households 127 - Mon-User 207 a ospi 151
Craftsman/Blue Collar |18 6+ [17 Other 9 Thrifty & Active | Not Likely SEl Passionate Influencer m (] a1 Day
] 200 0 500 ] 200 o 200 0 500 1] 200 [] b.2-7 Days
[] c.8-31Days
[] d.32-90 Days
[] e.91-365 Days
. [ ] f 366+ Days
Segments A1-A3 and B1-B3 with Appended Data )
ConnectlD Mame A Gender Age Education # Children Home  Occupation Political view  Life Stage Giving Affinity Digital? Mail? Phone? Social Media? ] 0-Unrated ()]
79,903 Abercrombie, Darrin Male 50.. - - - - - - - - - - ] 10-99 ()
572 Abernathy, Mack Male 50.. 3.HighSc... 1 Medical/Professi... Republican Community Minded Health Likley Extremely L... Not Likely Moderate User [ ] 100-499k (B)
94,171 Abou-Sayf, Henry Male  60.. 3.HighSc.. 1 Clerical/White C... Republican Solid Prestige Health Likley Extremely L.. Not Likely Maoderate User ] 500K+ (A)
78,579 Acabchuk Mariana Male 40.. 3. High Sc... 2 Admin/Managerial Independ... Community Minded Religious Likley Extremely L... Mot Likely Admin/Manager. Engagement
80,136 Acabchuk, Reynaldo Male 50.. Z2.Bachelors 0 Professional/Tec... Democrat Affluent Households Charitable Not Likely Extremely L... Extremely L.. Non-User |:| 1. High Advmnt & Patient
72,688 Adrianzen, Jeffery Male 80+ 1.Graduate 3 Homemaker Independ... Leisure Seekers Children Extremely L... Likley Not Likely Passionate Influ... ]2 High Advancement Only
45,006 Agrawal, Trey Male  60.. - - - - - - - - - - [] 3. High Patient Only
66,904 Ahern, Edris Female 50.. - - - - - - - - - - [ ] 4 Low Advmt & Patient
93,462 Ahmed, Jordan Male 50.. 3.HighSc... 1 Retired Republican Top Wealth Political Not Likely Extremely L... Likley Light User

AR ROR  Ahranc Elouna hAala (21} 1 Craduata § Calac/Caniira M~ Darhe Liviimn WWall Intarnatinnal Aid Evtramalu | Kt Lilrahe Mat Lilals Daccinnata Infln




5. Leaky Bucket




Leaky Bucket

‘Summary‘ Leaky Bucket ‘Palticipation‘ ‘Giving Historyl Giving Funds | Gift Details | Constituent Giving‘ ‘Appeal | Touchpoints‘ ‘Constituent List‘ | Map | Constituent Codesl Degreesl Bio‘ ‘ Filters‘

Hard Commitment $ by Fiscal Year Hard Commitment $ Difference by Fiscal Year # Constituents
$100M $60M Statistic ID
Selected 90,930
$80,580,246 $40M - [$36764:106
$80M $73764530 376,687,149
$67,991,259
£ o S20M
60M
g g 52,922,618 Segment
£ $43,816,140 $45,591,199 2 0
< =
- M a ($6:8115.716) ($8,695,290)
w ($200M
$20M (522400/060);
($400M a. Gain -
° o L oo " a» A (S60M A ) o o ~
] ] il il i~} o . o - 3 L
v v 0> 0> 0> v S ) ) o S
fo<t b. Upgrade -
# Donors by Fiscal Year Donor Difference by Fiscal Year
10K
20K 5K - mﬂg‘ c. Stable -
k702 2560 15
° b
wvi o
ol = 0
:
o
=
#D 10K 0O 56 d. Downgrade -
- 9]
-10K
0 o -15K e. Loss -
0 P P P P 0

ADVIZOR Analyst/X v7.4




Gained in 2018

‘Summary‘ Leaky Bucket ‘Palticipation‘ ‘Giving Historyl Giving Funds | Gift Detailsl Constituent Giving‘ ‘Appeal | Touchpoints‘ ‘Constituent List‘ | Map | Constituent Codesl Degreesl Bio‘ ‘ Filters‘

Hard Commitment $ by Fiscal Year Hard Commitment $ Difference by Fiscal Year # Constituents
Y Y
$100M $60M Statistic D
Selected 31,803
$7,139,117 S40M | | ST390T
$80M 519,884,580 $23,313,348
912,842,289
= s 8 $20M
60M
e g FEBTEAD
1= $6,692,891 46,424,492 g 0
< — = e
- 540M a oA
= ($200M
$6,424,492
$20M
(3400M a. Gain -
’ o A ~2 D s A (3600M N
» » P P P P g
b. Upgrade -
# Donors by Fiscal Year
10K
9614
BES
6,016 & 6412
20K 5K c. Stable -
6!0j1[6]
. 4,538 8
o 0
g 3
o L
[} £
_ d. Downgrade -
% 10K g 5K 6412 ¢
-10K
0 -15K e.Loss -
O & o S N % & O
P P s e P 4% s S

ADVIZOR Analyst/X v7.4




Exclude Unselected

‘ Summary| Leaky Bucket |Palticipati0n‘ ‘Giving Historyl Giving Funds | Gift Details | Constituent Giving| ‘Appeal | Touchpoints| ‘ Constituent List‘ ‘ Map | Constituent Codesl Degreesl Bio‘ ‘ Filters|

Hard Commitment $ by Fiscal Year Hard Commitment $ Difference by Fiscal Year # Constituents
$20M $20M —_—
SIOERASED GI0ERASE Statistic ID
$15M Selected 6,016
$15M $10M
= § $5M
3 $10,336,110 @
e $10M k2 0
<< =
s $6,818,589 g ($5)M ($3,470,710)
SM $4,702, 441
$ $3470,710 ($10)M
($15)M $131065/990 a. Gain -
0 ($20)M
o o~ a2 o a > o o ~
S < S S X N 58 & T
B S 0 v D 2 ° DY 03
. . . b. Upgrade -
# Donors by Fiscal Year Donor Difference by Fiscal Year
10K
K 6,016
8K c. Stable -
4K
2 Y
2 ek
g &
o [1] 2K d.D de -
a uE . vowngraae
= 4K =)
e

2K

-2,000
e. Loss -

A [




Then Upgraded in 2019

Summary| Leaky Bucket |Palticipati0n | | Giving Historyl Giving Funds | Gift Details | Constituent Giving | |Appea| | Touchpoints| | Constituent List| | Map | Constituent Codesl Degreesl Bi0| | Filters|

Hard Commitment $ by Fiscal Year Hard Commitment $ Difference by Fiscal Year # Constituents
$20M $20M Statistic ID
$15M Selected 2,489
$15M $10M
z S ssm
2 soM S0 s J— Segment X
< E
- $3,326,717 S M
$5M $1,659,608 $10)M $983,227
$1,098,328 ($10)
0 ($20)M
N & o A n
$ - $ & S ol

8K c. Stable
K

6K

2K d. Downgrade

4K

# Donors
# Difference

2K

-2,000
e.Loss

. . . b.U de -
# Donors by Fiscal Year Donor Difference by Fisca parete
10K
EK .



Exclude Unselected

|Summary‘ Leaky Bucket ‘Palticipation ‘ ‘ Giving Historyl Giving Funds | Gift Details | Constituent Giving| ‘Appeal | Touchpoints‘ ‘ Constituent List‘ ‘ Map | Constituent Codesl Degreesl Bio‘ ‘ Filters‘

Hard Commitment $ by Fiscal Year Hard Commitment $ Difference by Fiscal Year # Constituents

$2,500K $2,100,052 Statistic D

000K ST $2,000K Selected 1342
‘ $2,716,819
$1,500K $1,217,665
$1,000K
$2,000K $500K
$1,389,800 0

$1,217,665

£ Amount
% Difference

$1,026,709

($500)K

$1,000K ($6091898);

($1,0000K

($1,026,709)

a. Gain -

($1,5000K
($2,0000K

Q o N
N X 1
® ® P P ®

# Donors by Fiscal Year Donor Difference by Fiscal Year b. Upgrade -

1,500 1,400
1,342 1,342 1200

1,000
800 c. Stable -
600
400

200

1,000

d. Downgrade -

# Donors
# Difference

500

-200

-400

600 e. Loss -




Then Lost in 2020

Summary‘ Leaky Bucket ‘Palticipation ‘ ‘ Giving Historyl Giving Funds | Gift Details | Constituent Giving ‘ ‘Appeal | Touchpoints‘ ‘ Constituent List‘ ‘ Map | Constituent Codesl Degreesl Bio‘ ‘ Filters|

Hard Commitment $ by Fiscal Year Hard Commitment $ Difference by Fiscal Year # Constituents
$2,500K Statistic ID

$2,000K Selected 1,069
$1,500K
$1,000K
$500K
0

($5000K

$3,000K

$2,000K

£ Amount
$ Difference

$1,000K 10000k ($697/023)

($1,026,709) )
a. Gain -

($1,5000K
($2,0000K

1$273)565]

Q s o ~
D el 4 4
P P P P P

# Donors by Fiscal Year Donor Difference by Fiscal Year

1,500 1,400 Intersect
1,200

b. Upgrade -

1,000
800
600

1.000 c. Stable -

400

# Donors

200 d. Downgrade -

# Difference

500

-200

-400

600 e. Loss -




Exclude Unselected ... 503 people!!

Summary| Leaky Bucket ‘Panicipation ‘ ‘ Giving Historyl Giving Funds | Gift Details | Constituent Giving ‘ ‘Appeal | Touchpoints‘ ‘ Constituent List‘ | Map | Constituent Codesl Degreesl Bio‘ ‘ Filters‘

$1,000K

$800K

$600K

£ Amount

$400K

$200K

Hard Commitment $ by Fiscal Year

$697,023

$193,975

$105,285

$109,234

N
&
0y

600

400

# Donors

200

# Donors by Fiscal Year

G

% Difference

$600K
$400K
$200K

0

($500)K

Hard Commitment $ Difference by Fiscal Year

$193,975

($109,234)

# Difference

600

400

200

-200

-400

-600

D -

Donor Difference by Fiscal Year

503

-185

$105,285

# Constituents

Statistic ID
Selected 503

Segment

a. Gain -

b. Upgrade -

c. Stable -

d. Downgrade -

e. Loss -




Export List and Take Action.

Summary | Leaky Bucket | Participation | | Giving History | Giving Funds | Gift Details | Constituent Giving | | Appeal | Touchpoints | | Constituent List | | Map | Constituent Codes | Degrees | Bio| | Filters
Segment Current FY Donor? # Constituents
Statistic ID
otal Count 90,930
2- Sybunt 503 Selected 503
Excluded 0427
0 100 200 300 400 500 600 0 100 200 300
Removed 2,813
# Constituents # Constituents
Constituent List (Exportable)
ID Name Lifetime Total Co... W $AFCFY SAFCFY-1  S$SAFCRY-2 $AFCFY-3  S$SAFCFY-4  $AFCFY-5  Class Year Constituent C... A Assigned Fundraiser  City State  Email Phone
66741 Bowen, Eulah $391,046 4100 <0 4450 4300 %0 4150 1981 Spouse/Partner - Portola Valley CA email@example.com (30430003000
134197 Williams, Alfredo $359,121 <0 $0 $107,082 $100 $0 0 1994 Parent - Houston TX email@example.com  {X300)- X300
50259 Kudriashov, Tony $190,000 <0 <0 $140,000 $50,000 <0 <0 1969 Alumnus/a - Boca Raton FL email@example.com (3042002000
95956 Venedam, Dana $106,525 $1,600 $0 $3,200 $1,600 $0 $4,500 2001 Alumnus/a - New York NY email@example.com (KO- XHK-X00K
46035 Kelley, Beau 992,228 <0 50 48,000 $5,000 S0 50 1966 Alumnus/a - New York NY email@example.com  {K3K)- XK - XK
130958 Vacca, David $89,000 <0 30 $29,500 419,500 $0 30 1994 Parent - West Hartford CcT email@example.com (XK XK -XOKK
44529 Miller, Cornelius $76,952 $500 $0 $15,000 $7,075 $0 $10,000 1965 Alumnus/a - New York NY email@example.com (304 -X00-3000(
182234 Wakefield, Carolann 962,918 $2,500 <0 $5,000 $2,500 $0 £33,390 1954 Spouse/Partner - New York NY email@example.com (043003000
42229 Kaiser, Clayton $60,529 £5,000 $0 $55,504 $25 $0 $0 1963 Alumnus/a - Alexandria VA email@example.com (0K -XHK-3000K
69212 Skidmore, Vance 954,820 <0 <0 $50,000 $220 $0 $3,000 1983 Alumnus/a - New York NY email@example.com (KK X XK
82120 Grist, Georgann 949,450 41,600 50 41,600 41,500 %0 $3,000 1992 Spouse/Partner Cosgrove, Jada Minneapolis MN email@example.com {00 - K- XK
47334 Skidmore, Stephen 445,500 <0 S0 45,000 41,000 S0 $5,000 1967 Alumnus/a - Santa Fe NM email@example.com (30K -X000-2000(
44796 Phares, Ronald $42,000 $10,000 $0 $22,000 $10,000 $0 0 1965 Alumnus/a - Wilton cT email@example.com  {X300)- X300
32507 Riley, Brandy $35,500 $0 $0 $5,000 $3,000 $0 $0 1955 Spouse/Partner - York PA email@example.com (KK -XHK-2000K
199062 Hodges, Alec $34,825 $5,000 S0 $15,000 $5,200 <0 $3,150 - Faculty/Staff - Manchester NH email@example.com (KK X XK
46557 Costello, Armando $30,375 $5,000 0 $5,050 $5,000 $0 $10,000 1966 Alumnus/a - Miami Beach FL email@example.com  {KHK)- KKK - XK
134786 Bulger, Junior $24,502 $7,001 <0 $7.001 $7,000 $0 %0 1985 Parent - Houston TX email@example.com (30K -X000-3000(
100567 Smith, Brandee $22,500 $£2,500 $0 $17,500 $2,500 $0 50 2004 Alumnus/a - Pacific Palisades CA email@example.com (X300 XX
51056 Merkelo, Doug $21,473 $405 <0 $20,963 $105 $0 %0 1970 Alumnus/a - Denton TX email@example.com (043003000
33169 Lee, Rey $20,955 $75 $0 $550 $300 $0 $0 1955 Alumnus/a - Villanova PA email@example.com (KO- XK0KK
56796 Leroux, Wendy $19,700 $19,300 50 $100 $50 S0 50 1974 Spouse/Partner - Bethesda MD email@example.com  {K3K)- XK - XK
41435 Falkner, Donald 417,948 42,850 50 414,835 $263 %0 50 1962 Alumnus/a - Hartford CcT email@example.com {00 - K- XK
116240 Gillum, Ruth $16,726 $0 $0 49,814 $6,912 $0 $0 2013 Parent - MNew York NY email@example.com (30K -X000-2000(
162542 Filbin, Dario $15,105 %50 <0 <100 $50 <0 <0 - Friend - Los Angeles CA email@example.com (3042002000



6. Project Variables (7.5)




Project Variables

a. Project Variables: New interface in the project workshop to develop and save project variables. 3 types:
i. Project Variables. For example: Date of Last Data Load = “now data load” (constant from the project)
ii. User Inserted Constants. For example, Target Visits = 100 (type it in)
iii. Calculated Fields. Aka operations on a field resulting in a single value, such as sum, average, min, mx,
etc. For example: # Visits last month =x * y * z; the value updates with removal, and selections /

exclusions

b. Allow use in Text Box:
i. Allow a variable to be inserted along with formatted text. This was a key requirement from the 2019

User Group ... a key dashboard capability in PowerBl/Tableau/etc. that we have been missing.
ii. Ensure that NowDatalLoad can be one of those ... we need to let end-uses know that data that the

data was loaded and when

c. Allow variables to be used to position Goal Lines on Bar & Line Charts:
i. Use to position goals lines on bar chart and line chart.
ii. Adjust interface so that the goal lines can’t be dragged by the user
iii. Adjust plotting so that the default is to always show all of the goals lines (today default it to resize to

plot the bars and the goals lines can end up “off the chart”)




v7.5 Preview

The implemention of the project variables feature will start with the concept of a variable depicting the point in time that data was last loaded from it's source into
the project, that being when an .adv project is loaded but not when an .advm is loaded.

Project variables will be displayed within the Project Workshop tree under a new Project node using a grid to display their various properties which include the
name, data type and current value of each variable. Variables provided by the system, such as this one, will have a predefined name and data type (date in this
case) and will not have the ability for the user to edit any of their properties.

The data loaded variable may be used within the content of the Text Box, entered with a format such as: 6/ 22/ 2020 and 5:26 PM to display the date
and/or time of the data load occurance, in the layout format desired.

Formats will include the list provided by the system and will take into account the cultural specifics of display based on the settings of the rendering machine
(server/desktop). The various display features of the Text Box may be used to present the text with additional display formatting such as font specifics and

coloring.
Examples:
Selected Rows: 12623

Unseleted Rows:
Excluded Rows: 10639

Revenue Sum: $15,655,510.90

Average Margin: 3,366.807%

For table eFashion, the count of rows:

Example

Displayed Selected

Unselected

Excluded

Removed

23,262 *

0

10,639

1,883

* The total number of rows in the table is equal to the Displayed plus the Removed rows.

State Filter
ORestore  ORemove All
& California
O Colorado
B DC
® Florida
# lllinois
¥ Massachusetts
# New York
B Texas

Total Count per City

5,000

4,000

3,000

Total Count

2,000

1,000




Click on New York, Text Updates!

v/7.5 Preview

The implemention of the project variables feature will start with the concept of a variable depicting the point in time that data was last loaded from it's source into
the project, that being when an .adv project is loaded but not when an .advm is loaded.

Project variables will be displayed within the Project Workshop tree under a new Project node using a grid to display their various properties which include the
name, data type and current value of each variable. Variables provided by the system, such as this one, will have a predefined name and data type (date in this
case) and will not have the ability for the user to edit any of their properties.

The data loaded variable may be used within the content of the Text Box, entered with a format such as: 6/ 22 / 2020 and 5:26 PM to display the date
and/or time of the data load occurance, in the layout format desired.

Formats will include the list provided by the system and will take into account the cultural specifics of display based on the settings of the rendering machine

(server/desktop). The various display features of the Text Box may be used to present the text with additional display formatting such as font specifics and
coloring.

Examples:

Selected Rows: 4359
Unseleted Rows:
Excluded Rows: 10639

Revenue Sum: $6,668,461.20
Average Margin: 3,194.784%

For table eFashion, the count of rows:

Selected
4,359

Displayed
23,262 *

Unselected
8,264

Excluded
10,639

Removed
1,883

* The total number of rows in the table is equal to the Displayed plus the Removed rows.

State Filter
O Restore
® California
O Colorado
B DC
® Florida
E lllinois
¥ Massachusetts
B New York
 Texas

ORemove All

Total Count per City

5,000

4,000

3,000

Total Count

2,000

111529




v7.5 Preview

Goal Lines

5,000

Medium = 4,000.00

Total Count

2000
Removed = 1

,883.

00

Eie)

K Edit Goals

Goal Lines:
Removed (RemovedRows)
Low (Cost Of Goods)
Medium (Minimal Sales)
High (Sales Goal)

Add Goal | | Delete Goal

Goal Name: (alphabetic, with no spaces)

High

Goal Value
Enter Value; 5000

Color, I:l

Display This Goal

CK ‘ | Cancel

& ¢ @90 &
> 3 & G
€ A S &
2 #
N ~ =

Citv

Number of removed rows:

| 1,883

State Filter
ORestore  ORemove All
& California
O Colorado
EDC
¥ Florida
¥ lllinois
B Massachusetts
2 New York
¥ Texas



Goal Lines Set to a Variable Will Adjust

V7.5 Preview
Total Count per City Number of removed rows:
5,000 13,572

Remove
Florida.

Statistic
Changes

Removed = 3,572.00

Goal Line State Filter
Resets ORestore ORemove All

# California

O Colorado

2 DC

O Florida

¥ lllinois

¥ Massachusetts
# New York

B Texas

Total Count




Setting Variables

‘ I3 Project Workshop ‘V?.S Preview ‘

o« FHERRISWNIEL|?
= Project > Variables =
= & Project Variables
[ Tables
E Pages Propertiesl
F Color o
l’m Calculations —Statistics Tasks
g & '\ar::‘l::::ge Vg Variables Ii12 Createa new variable
{#| Cost Of Goods
{#<| Dataloaded e
b= ExcludedRows
=] Minimal Sales Modify | Delete | Name /| DataType Value
{i#] ProjectSaved ProjectSaved Date 8/6/2020 2:24:34 PM
{i=] RemovedRows Dataloaded Date 6/22/2020 5:26:42 PM
b Sales Goal Modify | Delete | Cost Of Goods Real 3000
| SelectedRows Modify | Delete | Sales Goal Real 5000
ti<] SumSelected (Revenue) Modify | Delete | Minimal Sales Real 4000
!’ql TotalRows Modify | Delete |SelectedRows Integer Count of Selected rows for table; "eFashion’
b= UnselectegRows Modify | Delete | UnselectedRows Integer Count of Unselected rows for table: ‘eFashion’
% Eﬁ?;;‘::‘;:: Modify | Delete |ExcludedRows Integer Count of Excluded rows for table: 'eFashion’
¥ Generated Date Fields Modify | Delete | SumSelected(Revenue) | Real Sum of Selected rows for field: "eFashion/Sales Revenue'
M Data Sources Modify | Delete |TotalRows Integer Count of All rows for table: "eFashion’
K Application Modify | Delete | RemovedRows Integer Count of Removed rows for table; "eFashion’
Average Margin Real Average of Selected rows for field: "eFashion/%:Margin’




Examples

K Variable Definition X K Variable Definition *
MName: “Sales Goal MName: ‘ # Customers Selected|
Source:| Discreet Value v | Source:| Expression
Data Type:| Real v | Data Type: Determined by expression
Value: ‘ 5000 Value: ‘ 23262
Expression: Table: Expression: Table:| eFashion - |
Scope: Scope:| Selected Rows e |
Field: Field: | ~|
Operation: Count Operation: Count
0K | | Cancel OK | | Cancel
KJ Variable Definition X K Variable Definition ped
Name: ‘ Revenue - SumSelected MName: ‘ Average Margin
Source‘.| Expression v Source:| Expression
Data Type: Determined by expression Data Type: Determined by expression
Value: ‘ 29499767.7999999 Value: ‘ 32.0864792365229
Expression: Table: | eFashion - | Expression: Table:| eFashion b |
Scope:| Selected Rows 2 | Scope:| Selected Rows - |
Field: | Sales Revenue v Field: | %Margin ~|
Operat'lon:| Sum w7 | Operation:| Average e |
| ok || cancel oK || cancel




Capabilities — Still Evolving

Scope:

All Rows
Selected Rows
Unselected Rows
Excluded Rows

Removed Rows

Operatons:

Count

Unigue Count
Average
Median

Mode
Minimum
Maximum
Ratio

Sum




/. Unigue Counts iIn Summary Sheet (7.5)




Unique Counts in Summary Sheet

Data Configuration G|V| n b CD | |E‘ e

| . g oy g

Data Table: | Affiliation -
| — College Code A # Donors s
Pimeny P OVERALL 48067 $1,064,576,051
Summary Fields: Selected Field Name  * Calculation Denorminator

O <count= Count A 12341 $153,932,93?
g i:i:ia:on :eohz:T 3nfque gun: B 3607 %42 627,586
O] | Affiiation Year Sur: C 26095 277,967 581
g g{:i:ticnj{eonrd_ :zg G 343 $1]25 5]?53
| [ |ID Sum v L 4070 $47 838 857
oo M 15266 $433,136,085
Cumutve ot N 15 $1,208,284
i R 1869 $19,785,122
( Unique Count > U 12[}3 $538,DBE
v 1574 £24018,098
_ Checkan_| W 6901 $9,701,897
Uncheck Al | Y 2946 $£37,120512
oK Cancel 7 150 444 254




Summary and Q&A

. Architecture Update.

. Analysis Filters.

. Segment Maps (big update in 7.5).
. Data Appends.

. Leaky Bucket.

. Constants & Variables (7.5).

. Unique Counts in Summary Sheet (7.5).




I\)fche

r Resources

:::::::

OTHER RESOURCES
Key Metrics in Major Giving
Key Metrics in Annual Giving
Creating a Culture of Analytics

How Many Prospects Should be Assigned to a MGO
Creating & Using-A:Iumni & Patient Attachment Scores
Visitwww.AdvizorSelutions.com/resources



http://www.advizorsolutions.com/resources

